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Abstract

Artificial intelligence (Al) is rapidly transforming decision-making across various sectors, introducing
both opportunities and ethical challenges for leadership. While Al enhances efficiency and innovation,
concerns, such as algorithmic bias, transparency deficits, and accountability gaps, pose significant risks
to governance. This study examines these ethical dilemmas through real world cases, including Amazon’s
recruiting tool, Olay’s algorithmic audit, IBM Watson for Oncology, and predictive policing via COMPAS,
to assess their impact on leadership frameworks and the necessity for proactive ethical oversight. Through a
comprehensive interdisciplinary analysis, this paper explores traditional ethical leadership models alongside
emerging Al governance frameworks, notably the Ethical Management of Artificial Intelligence (EMMA)
model. By synthesizing research across ethics, psychology, and management, this study demonstrates how
leaders must integrate technical expertise with ethical sensitivity to align Al adoption with organizational
values and societal expectations. These findings underscore the crucial need for explainable Al (XAI), bias
audits, and transparent accountability structures to promote trust in Al systems. To address these challenges,
this study recommends a multi-stakeholder approach that prioritizes interdisciplinary collaboration,
continuous ethical monitoring, and enforceable Al governance policies. Ethical Al leadership necessitates
adaptive oversight to ensure that Al innovation benefits humanity without perpetuating systemic biases or
ethical blind spots.
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Introduction should be addressed, specifically in the domain

The dynamic nature of Al has transformed Of ethical leadership (Binns, 2018).
businesses and impacted leadership styles in
various fields, including healthcare, finance, and
law enforcement. In ethical leadership, the key
cornerstones are integrity and accountability;
however, as Al systems assume autonomous
roles, leadership must adapt to respond to new
ethical challenges. This paper examines how Al
presents different aspects of prejudice, equity,
and accountability, and also evaluates leadership
paradigms that can mitigate such dangers. In our
ever-changing society, where technologies have
gained increasing influence, artificial intelligence
(AI) has become a crucial agent of revolutionary
change, redefining our experience of the world Artificial intelligence ethics has emerged as a
and impacting traditional societal institutions topic of great concern, with key issues including
(Floridi et al., 2018). In addition to these unique algorithmic discrimination, lack of transparency,

opportunities, Al introduces new challenges that and inadequate accountability. Research shows
that prejudiced data contribute to inequality,

Ethical leadership is typically regarded as the
leadership style of an organization that is based on
ethical responsibility and integrity. This concept
is associated with a different form of complexity,
as decision-making increasingly depends on the
Al system rather than the judgment of a person
(Neill, 2016). This paper examines ethical lead-
ership within the context of Al, addressing key
questions at the intersection of technology and
ethics.
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resulting in undesired outcomes in employment,
policing, and lending management (Angwin et
al.,2016; O’Neil, 2016). Moral leadership should
thus incorporate justice in the governance of Al
so that computer systems are viewed through
the lens of human values instead of further
strengthening systemic problems.

New frameworks such as Temper Tantrum(tm)
and the AI Ethics Guidelines by the European
Commission and EMMA, aim to bridge the gap
between principles and practice.

Nevertheless, there are still issues concerning
the operationalization of these standards in
various industries worldwide, whose regulatory
environments look different (Floridi et al., 2018).
Leaders cannot just talk about ethical Al, they
should also put in place structures to hold them
to their promises. The skills of data analysis,
self-determining one-sided actions based on
autonomous decision-making, and the actions of
Al as an agent have significantly expanded the
boundaries of new ethical considerations that
humans could not have imagined a few hundred
years ago (Paga, 2023). For example, the trend
towards black-boxing Al systems and their algo-
rithms may mask the decision-making process,
making it incomprehensible, resistant to control,
and potentially more prone to bias and injustice
(Ali & Rafi, 2024). Concerns arise when Al is
applied in high-stakes situations, such as hiring,
criminal justice, or service delivery, where
malfunctions and biases in Al models could lead
to disastrous results in both personal and social
terms (Mohav, 2023).

The exponential rate at which Al is deployed
in various sectors provides insight into the
idea that more tasks can be accomplished with
increased efficiency and innovativeness. Still, at
the same time, it gives room to emerging ethical
dilemmas (Teixeira & Pacione, 2024). In the
future, ethics that inform the decision-making
of Al will be necessary, and leadership will face
a challenge. Consequently, future demands will
require ethics that contextualize Al-based deci-
sion-making. This shift requires alternative lead-
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ership concepts and practices that can navigate
the ethical landscape shaped by Al technologies.

This study aimed to explore the ethical issues
surrounding Al deployment among leaders,
presupposing that those in leadership are ready
to move strategically and effectively within
these vulnerabilities. The paper contributes to
the ongoing conversation about the ethical inte-
gration of Al into organizational processes by
addressing concerns regarding accountability,
transparency, and fairness.

Social Learning Theory and Its Application
to AI Governance

Social Learning Theory, developed by Albert
Bandura, suggests that people learn behaviors
through observation, imitation, and rein-
forcement (Bandura, 1977). According to this
framework, individuals simulate their behaviors
in response to external stimuli, especially those
administered by those in power or organizational
leaders. Under Al governance, social learning
theory emphasizes the influence of leadership
on the ethical practices of Al. Leaders serve as
ethical role models, and their behavior estab-
lishes a standard for how Al can be developed,
implemented, and regulated.

Ethical AI Leadership Application

Ethical Al leadership, when viewed through
the lens of social learning theory, emphasizes the
importance of modeling, institutional training,
and social reinforcement to guide responsible
Al governance. Leaders—whether executives,
policymakers, or engineers—must exemplify
ethical behavior by incorporating values such
as fairness, transparency, and social justice into
algorithmic design and deployment (Camilleri,
2024). Clear organizational policies serve as
behavioral cues that reinforce accountability
and ethical adherence, aligning with Bandura’s
principle that individuals learn by observing
modeled conduct and its consequences. To insti-
tutionalize these values, organizations should
establish structured training programs that
include workshops on bias detection, explain-
ability, and inclusive data practices (George,
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2025). These educational efforts not only build
technical competence but also cultivate moral
reasoning among Al practitioners.

Deontological Ethics (Kantian Perspective)
and Its Implications for AI Decision-Making

Kant’s deontological approach is a form of
normative theory that prioritizes adherence to
universal moral laws, considering the outcome
of an action. According to this concept, all forms
of legitimacy in a particular decision made
would depend on the maxim that can be posi-
tively willed by everyone, thus maintaining the
integrity of morals regardless of the actual result
that is accomplished (Mougan & Brand 2024).
This paradigm becomes especially relevant
in the context of Al governance because it
encourages the development of high-regulation
ethical policies that would help reduce bias and
promote equity in algorithms (Manna & Nath,
2021). Rather than focusing solely on the use of
optimization and efficiency, a Kantian approach
to Al leadership in ethics prioritizes moral
requirements, including transparency, account-
ability, and the principle of equal treatment
(Chakraborty & Bhuyan, 2023).

Empirically, this sense of orientation neces-
sitates that organizations implement robust
measures to mitigate bias, utilizing fairness
testing and well-represented data collection
(Mensah, 2023). It also requires transparency
in the process of Al decision-making, requiring
them to embrace the standards of explain-
ability and disperse algorithmic means to build
confidence (De Fine Licht & De Fine Licht
2020). Furthermore, responsibility should be
institutionalized, with the presence of end-to-end
regulatory frameworks that support universally
accepted ethical guidelines and prevent any
form of discriminatory Al results (Novelli et
al., 2023). Grounding Al governance in deonto-
logical ethics will therefore enable organizations
to build systems that are designed to be ethical
and help in protecting vulnerable members of
society as well as prevent any possibility of
exploitation that may arise as a result of inef-
fective translation of ethical imperatives.
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The intersection of social learning theory
and deontological ethics proposes a two-theory
approach to ethical problems in Al leadership.
Whereas Bandura’s framework sheds light on the
leadership role and modeling of behavior, Kant’s
ethics strengthens strict moral requirements in
relation to the development of Al. Further study
of the question of how Al ethical policies are
implemented in various sectors and analysis of
case studies that assess the effectiveness of Al
ethics models based on leadership could be used
to achieve greater theoretical insight and more
practical applicability. By embedding ethical
learning and duty-driven principles into Al regu-
latory systems, organizations can develop Al
technologies that align with fundamental human
values, trust, and fairness.

Al systems pose a challenge to traditional
ethical frameworks due to their autonomous deci-
sion-making and black-box nature, a term that
refers to the opacity of Al algorithms, where even
developers cannot fully explain how decisions
are made (Floridi et al., 2018). This lack of trans-
parency undermines virtue ethics, which focuses
on the character and intentions of moral agents,
because Al lacks both character and intention.
In such cases, the responsibility falls on ethical
leaders to ensure systems are interpretable, justi-
fiable, and consistent with organizational and
societal norms. To address these challenges,
ethical leadership must be informed by Al ethics
frameworks such as the European Commission’s
High-Level Expert Group on Al (2019), which
emphasizes seven key requirements: human
agency and oversight, technical robustness,
privacy and data governance, transparency,
diversity, societal well-being, and account-
ability. These principles can serve as operational
guides for ethical leaders striving to integrate Al
responsibly.

Ethical Challenges in AI Deployment

Floridi et al. (2018) posited that Artificial
intelligence (AI) systems are beginning to be
implemented across a wide range of industries
including healthcare, finance and beyond; their
penetration into society raises important new



ethical questions. Some of the most urgent issues
include concerns regarding the bias and opacity
that result from many Al applications (Ejjami,
2024). These issues mandate leaders to be at
the forefront to ensure that Al technologies are
deployed ethically and responsibly. In this area,
ethical issues surrounding Al will be explored,
drawing on available literature to provide
possible solutions. Among these fears, one of
the most notable is that, because Al tends to be
trained on large amounts of data, it inherits the
biases in those patterns in history and society. In
turn, decisions made by Al are likely to coincide
with the same biases and reproduce them,
resulting in discrimination or unfair outcomes.

In her book Weapons of Math Destruction,
Cathy O’Neil (2016) provides numerous
examples of how biased algorithms contribute
to increased inequality in critical areas, such as
hiring and law enforcement. For example, as
Al-based systems are taught using biased infor-
mation about hiring decisions, they can prioritize
giving hiring opportunities to certain demo-
graphic groups at the expense of others, thus
consolidating the historical trends of discrimi-
nation. On the same note, when using past crime
data to generate predictive policing models, it is
possible to cause over-policing of communities
of color, which constitutes an unfair method of
law enforcement.

Eubanks (2018) expands on this concern in
Automating Inequality, illustrating how high-tech
decision-making tools in public systems dispro-
portionately harm marginalized and low-income
communities. Such technologies, meant to
streamline services, tend to worsen structural
inequalities if used without an ethical approach.

Zliobaite (2017) provides a data science
perspective, presenting measurable methods
for detecting and addressing algorithmic
discrimination. As she writes, fairness in Al
does not simply reside at the abstract level of
consideration; it must be technically evaluated
and implemented. Furthermore, the adopted
approach recognizes that fairness in machine
learning is a philosophically complex concept,
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and the notions that have been politically and
ethically shaped around fairness—mnamely
equality, equity, and merit—must guide the
design and implementation of Al systems (Binns
2018). These lessons emphasize the importance
of ethical leadership in bridging the gap between
technological advancements and social justice
concerns.

Ethical leaders are required to engage with
these frameworks to prevent harm and shape Al
systems that promote fairness, accountability,
and inclusiveness. To ensure that Al systems can
accurately represent the real world and avoid bias
in historical data, the datasets must be diversified
using methods such as data non-anonymization
and balancing. Additionally, Al models should
undergo rigorous testing and validation to detect
and eliminate biases before their deployment.
The process of audits and reviews is important
for identifying bias as soon as it appears in an Al
system (Binns 2018).

Another ethical issue regarding Al systems is
transparency. Many Al systems, especially those
based on deep learning have a black-box aspect.
The transparency of these decisions is also
challenging because people who are influenced
by Al-powered decisions often struggle to
comprehend the reasoning behind them (Floridi
et al., 2018). This opaqueness is referred to as
the black-box issue, which may harm trust and
accountability of the Al system. One of the most
popular suggestions for resolving the issue of
Al ethics is to equip Al with ethical reasoning
based on the model of medical ethics. There has
been general agreement on high-level ethical
principles among various organizations, govern-
mental agencies, and professional associations,
including transparency, non-discrimination,
non-maleficence, responsibility, and privacy
(Floridi et al., 2018).

Nonetheless, critics argue that this type of
high-level framework is insufficient because
Al systems lack common aims, professional
standards, or systems of accountability, as seen
in areas such as medicine or law (Mittelstadt,
2019). Al cannot think morally or align values,
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so this aspect cannot be left to Al in a manner
that it would be left to a human professional.
The Ethical Management of Artificial Intel-
ligence (EMMA) framework (Dignum, 2019)
is an example of an attempt to address this gap
by incorporating ethical considerations into
business decisions, particularly in the context
of management (Dignum, 2019). EMMA
places great importance on the context and
acknowledges the macro (societal), meso (orga-
nizational), and micro (individual) levels that
are crucial to managing the ethical implications
of AL. As a result, ethical leadership should go
beyond intricate principles to integrate ethical
decision-making in the day-to-day routines of
institutions. This multi-stakeholder involvement
is critical in finding a way to make ethical prin-
ciples practically valuable, responsible, and
consistent with the values of large organizations.

Challenges in Implementing Ethical Al
Leadership

The level of interest in ethical Al has been
increasing, but its practical applications remain
complicated and require different contexts.
Among its greatest challenges is maintaining an
ethical standard across various Al applications
that may be implemented in organizations. In
many cases, the accountability or enforcement
mechanism to hold those commitments is lacking,
making them not binding but ideally and only
aspirational (Brendel et al., 2021). Moreover,
ethical concepts, such as transparency, fairness,
and responsibility, have diverse meanings across
various countries and cultures because they are
grounded in distinct legal, political, and moral
frameworks (Mittelstadt, 2019).

This gap is even more evident in the variable
application of ethical Al principles, where there
is a common adoption of fundamental prin-
ciples to suit local interests or economic agendas
(Floridi et al., 2018). Without these questions, Al
risk has become a tool that amplifies structural
inequities. As Eubanks (2018) argues, addressing
such “invisible, machine-driven replication” of
existing inequalities requires integrating insights
from human behavior, historical injustices, and
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cultural contexts into the development of Al
ethics. Thus, ethical Al leadership must not only
rely on abstract principles but also critically
engage with the broader societal impact of Al
technologies.

Empirical Evidence and Ethical Al
Principles

Although there is general agreement on a
set of core ethical principles to guide artificial
intelligence (such as transparency, fairness,
accountability, privacy) and non-maleficence,
there is a lack of empirical evidence demon-
strating that such high-level principles have been
successfully implemented. Research indicates
that most Al ethics guidelines endorse these
principles, but a few practical recommendations
or implementable protocols to bring them
into practice (Jobin et al., 2019; Hagendorff,
2020). This uncertainty stems from the lack of
accountability because developers who create
Al are not governed by professional codes of
ethics similar to those in medicine (Mittelstadt,
2019). Moreover, empirical studies among
Al practitioners reveal important operational
issues, including the incompatibility of ethical
frameworks with organizational objectives, lack
of ethical training, and lack of explicit institu-
tional support (Khan et al., 2022; Sanderson et
al., 2023).

The case studies of the Olay Skin Advisor
bias audit (O’Neil et al., 2021), IBM Watson
for Oncology (Greenstein et al., 2021), and
Amazon’s discriminatory recruiting tool (Dastin,
2018) represent real risks to organizational
ethical behaviors, as manifested in terms of
bias, unfairness, and exploitation of vulnerable
groups when ethical principles are ineffectively
translated into practice. A more holistic strategy
1s needed to overcome such weaknesses, which
includes standardized, actionable guidelines,
ongoing ethics-based audits, inclusive data
practice, and cadres of professional norms and
liability systems. These measures, in conjunction
with multidisciplinary stakeholder involvement,
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will help bring ethical Al out of theory and into a realizable version that not only protects public trust

but also fosters social justice.

The EMMA Framework and Organizational Application

E — Explainability

M — Measurability

The Al system’s ability to provide transparent,
interpretable reasoning behind decisions and
actions to users and stakeholders.

The capability to quantitatively assess ethical

Brendel, et.al (2021),
(Doshi-Velez & Kim,
2017)

(Hagendorft, 2020)

performance through defined metrics and

benchmarks.
M — Monitoring

Continuous oversight of Al operations to detect,

(Sanderson et al., 2023)

report, and mitigate ethical risks and biases in real

time.
A — Accountability

Clearly defined responsibility for Al outcomes,

(Mittelstadt, 2019)

including mechanisms for enforcement, redress,

and regulatory compliance.

The Ethical Management of Artificial Intel-
ligence (EMMA) framework (see Figure 1)
offers a practical approach to integrating ethical
considerations into managers’ decision-making
processes regarding Al In a case study involving
more than 30 multinational corporations, the
EMMA framework was employed to identify
the various Al projects undertaken within each
company (Brendel et al., 2021). The framework
allows companies to systematically consider
ethical issues at the micro level, represented
by organizational policies and operational
processes, and the macro level, which encom-
passes global effects and compliance with
regulations (Doshi-Velez & Kim, 2017). As an
example, the paper pointed out a practical case
in which an Al-based human resources system
was redesigned to address algorithmic bias.
The use of the EMMA framework allowed the
detection of potential discriminatory impli-
cations in the early stages of the development
process and addressing them to increase deci-
sion-making fairness and minimize uninten-
tional hiring decision biases (Doshi-Velez &
Kim, 2017). This empirical evidence supports
ethical frameworks, such as EMMA, as even
more valuable for guiding organizations in
developing and deploying Al more responsibly

(Hagendorff, 2020). However, the research also
identified the remaining obstacles, especially in
industries where innovation speed is profound
(Sanderson et al., 2023; Mittelstadt, 2019). In
this high-paced background, the pressure to
meet market deadlines may suppress scientific
ethical discussions, making it challenging to
ensure ethical consideration throughout the Al
integration process.

Challenges in Accountability and
Enforcement

The lack of responsibility in ethical Al lead-
ership is a significant concern. According to an
empirical study conducted by Jobin et al. (2019),
although numerous Al governance frameworks
emphasize the need for accountability, orga-
nizations have made little effort to make it
mandatory. It is also worsened by the fact that
the question of Al research is treated globally,
and must be aligned with different legal envi-
ronments and cultural situations. In fact, as an
illustration, what can be deemed transparent or
even fair in one nation may be a colossal change
in another (Hurley & Adebayo, 2016). Such
deviations may lead to ethical contrasts in the
application of Al technologies at the boundary.
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Socio-political Aspects and Disparity

The social and political implications of Al
ethics are significant for policymakers and other
leaders who are looking forward to the devel-
opment of Al ethics. However, as an example,
Gotcheva (2019) informs us about the presence
of power and social hierarchy in the Al design
process. For example, facial recognition tech-
nology is known to have racial and gender biases,
and its effects on communities of color are mostly
adverse (Gotcheva, 2019). This example illus-
trates that effective Al leadership involves more
than mere technical skills and knowledge; it must
inherently encompass a deep understanding of
human thought processes, social integration, and
the overall nature of a race.

It is important to recognize that it is not just
the technical aspects of dealing with techno-
logical algorithmic bias. As a course of action,
it will also represent the need to understand and
control the social and ethical impacts of tech-
nological systems on various groups of people.
Additionally, there is considerable evidence of
this division between the more conceptual end
and the practical means as far as ethical artificial
intelligence leadership is concerned, which the
empirical study of the Al leadership in question
reveals (Hurley & Adebayo, 2016).

Best Practices on Navigating Ethical
Dilemmas on Al

Examining actual cases in which businesses
have encountered ethical dilemmas related
to Al can provide valuable insights into best
practices for addressing day-to-day issues and
solutions for ethical leadership. They provide
examples of the need for oversight and tech-
nologically mediated ethical considerations.
One example is Al in hiring. The role of Al
in recruiting was initially intended to provide
unbiased and efficient methods for selecting
candidates through automation. Raghavan et
al. (2020, p. 15), for instance, speak of how
“biased algorithms may exert a large influence
over hiring, through assessments and outcomes
that are biased against certain populations”.
One case in point is that the use of machine
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learning to automate hiring processes based on
historical data that is already biased is prone to
further entrench any existing bias. In doing so,
they continue to uphold discriminatory practices
towards hate groups that oppose notions of
fairness and equality.

This has been documented, for example,
through the use of Amazon’s hiring tool. The tool
designed to accelerate the process of reviewing
resumes backfired to show discrimination
against women because it was trained to review
resumes on patterns from thousands of resumes
submitted to Amazon over the previous ten years,
the majority of which were from men (Dastin
2018). This case highlights the importance of
training Al systems on diverse and inclusive
datasets. A key recommendation for developers
is to conduct rigorous bias testing and validation
of Al solutions before applying them in critical
domains, such as hiring.

In the finance industry, Al powers automated
credit scoring and loan approvals. The latter,
however, is also a flaw, as Al systems are noto-
riously opaque and prone to biased outcomes.
For example, a major bank was found to use
Al technology to approve loans, resulting in
applications with equivalent financial data
from members of minority communities being
rejected. In contrast, similar applications from
non-minority individuals were approved (Hurley
& Adebayo, 2016). This highlights the need
for transparency and accountability in Al deci-
sion-making. It will be essential for leaders to
ensure the problematic nature of these biases is
explainable: they must be able to be identified,
marked, and corrected; there must be traceability
on the decision-making pathways that lead to the
biases.

The second is predictive policing, in which Al
is used to predict criminal behavior to allocate
police resources. Among its multiple findings,
the ProPublica investigation on the COMPAS
recidivism prediction system detected that it
presented racial bias against African American
defendants, who, with characteristics comparable
to their white counterparts, were more likely to be



flagged as high risk (Angwin et al., 2016). This
is an important example for understanding the
morality of Al in policing when it is not properly
regulated. In this particular case, ethical lead-
ership would require clear systems of account-
ability and ongoing monitoring to be in place to
guarantee justice and prevent discrimination.

Al’s dissemination into healthcare has also
been significant, bringing with it both new
promises and ethical dilemmas. Some of the most
promising, yet troubling, developments, partic-
ularly in terms of transparency and accountability,
are the use of Al systems for diagnosing diseases
or recommending treatments. For instance, it has
been noted that the use of Al systems to forecast
patients’ outcomes in different hospitals is setting
discriminatory standards in monitoring and care
(Obermeyer et al., 2019). It demonstrates an
ethics of care, situated within the specific context
of the system of Al used in healthcare. The
development of a set of comprehensive ethical
Al principles requires the merging of theo-
retical insights regarding these issues and those
that offer practical frameworks and solutions
to address the numerous problems arising from
Al technologies. Leaders play a crucial role in
ensuring that Al systems are designed, applied,
and overseen in an ethical manner. Some of
the key tenets of ethical Al leadership in the
governance section are also discussed. However,
the use of Al depends on “good” governance
to fully insulate against the moral dilemmas of
Al This requires the construction of enabling
mechanisms and structures that integrate ethics
into the process of building and implementing
Al (Floridi et al., 2018). Policies should guide
and govern the ethical application of Al, regular
auditing, and forms of oversight and compliance.

Holding Al systems and their behavior
accountable is also an important principle of
Al ethics. Leadership must ensure clear lines of
accountability regarding decisions and actions
made by Al systems (Binns, 2018). This entails
developing notions of accountability for decision-
making by Al and methods of addressing
attendant problems. Ongoing mandates for the
establishment of Al ethics committees or boards
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may also serve as a framework for addressing
ethical considerations, or at least a response to
their formation. Their role would be to monitor
Al projects, study and understand their practical
and ethical applications, and make recommen-
dations about what could or should be done.

Guidelines for Ethical Leadership in Al

Transparency in Al refers to the ability of
humans to understand AI. This is extremely
important for trust and accountability (Ananny
& Crawford, 2018). This matters, as it begins
to make AI more transparent by helping to
make more of ‘how’ and ‘why’ decisions
become more interpretable and comprehensible
through the use of XAI methods. Through
the use of Explainable Artificial Intelligence
(XAI) methods, the objective is to design and
deploy Al systems that are transparent and
interpretable, effectively rendering them “non-
black boxes.” XAl techniques aim to provide
human-understandable explanations of Al deci-
sion-making processes, which can enhance
trust, accountability, and ethical oversight (e.g.,
Doshi-Velez & Kim, 2017; Adadi & Berrada,
2018). These methods include model-agnostic
approaches, such as LIME and SHAP, as well
as inherently interpretable models, such as
decision trees and rule-based systems. However,
despite advancements, XAl faces challenges,
such as balancing interpretability with model
performance and ensuring that explanations are
meaningful to diverse stakeholders (Guidotti et
al., 2018). Further research and practical imple-
mentation are needed to refine these methods
and effectively integrate them into ethical Al
leadership frameworks. Transparency around
the capabilities as well as the limitations or
potential harmful effects and risks of Al are also
among the trust-building measures that need to
be implemented for Al uptake (Berrada, 2018).

Multiple perspectives should be integrated
into Al design to ensure diversity of concerns
(Manyika et al., 2019). Ethicists, legal commen-
tators, and those concerned with the commu-
nities involved are included. A more diverse set
of concerned individuals or groups might better
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recognize what qualifies as potential ethics
violations, which for others may not be inputs
they would even consider, which may provide
the sparks that begin us down the path of building
a fairer and more inclusive Al. This information
should be incorporated into the process through
which Al technologies are developed and
applied, involving stakeholders and incorpo-

The ethical Al leadership literature identifies
six main areas of concern, as summarized in Table
1. To overcome these challenges, solid policies,
ethical leadership, and transparent systems must
be implemented to foster equity, credibility, and
responsibility when developing and integrating
Al across various industries.

rating their opinions in policymaking.

Table 1: Summary Ethical Al Leadership

Concerns Key Points References
1. Complex Ethical - Al introduces ethical challenges hard  Floridi et al. (2018); Bryson
Landscape & Traditional  for traditional leadership to manage (2019); Morley et al. (2020);
Leadership Models due to opacity and autonomy. Fjeld et al. (2020)

- Governance struggles with

transparency and accountability.

- Leadership requires both technical

and ethical literacy.
2. Bias in Al Systems - Al risks replicating social biases in O’Neil (2016); Binns (2018);

3. Lack of Accountability
Mechanisms

4. Frameworks for Ethical
Al Leadership

5. Socio-Political Impact
of Al

6. Transparency &
Explainable AI (XAI)

data.

- Biased algorithms reinforce
discrimination in hiring, policing, etc.
- Explainable Al and bias testing are
essential.

- Real cases show these biases impact
outcomes.

- Al lacks professional ethics
enforcement comparable to medicine
or law.

- Few accountability frameworks exist.
- Leads to unethical outcomes like
racial bias in loans, policing.

- EMMA framework integrates ethics
into Al management.

- Ethical principles widely adopted but
concrete implementations are scarce.

- Need for stronger enforcement and
operationalization.

- Al worsens power imbalances,
disproportionately affecting
marginalized groups.

- Ethical leadership must focus on
inclusivity and social justice.

- Empirical cases reveal discriminatory
effects.

- XAl is crucial for mitigating Al’s
“black box” nature.

- Transparency builds trust and
accountability.

- Lack of transparency leads to misuse,
e.g., in predictive policing.

Dastin (2018); Raghavan et al.
(2020); Angwin et al. (2016)

Mittelstadt (2019); Cath et al.
(2018); Jobin et al. (2019);
Brundage et al. (2020)

Brendel et al. (2021); Jobin et
al. (2019); Morley et al.
(2020)

Gotcheva (2019); Angwin et
al. (2016); Eubanks (2018);
Benjamin (2019)

Binns (2018); Floridi et al.
(2018); Doshi-Velez & Kim
(2017); Angwin
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Conclusion

This article demonstrates that ethical concerns
about artificial intelligence are not inherent
to Al itself but stem from how human agents
design, train, and deploy Al systems (Floridi et
al., 2018; O’Neil, 2016). The literature across
disciplines underscores that biased data, opaque
decision-making processes, and the absence of
accountability mechanisms are all human-driven
issues that manifest through AI technologies.
Consequently, Al is not inherently unclear, irre-
sponsible, or discriminatory; rather, it reflects
the ethical and technical choices of designers
and implementers (Mittelstadt, 2019; Angwin et
al., 2016).

The literature records a persistent gap between
philosophical ethical principles— fairness, trans-
parency, and accountability — and their imple-
mentation in business and government settings.
Examples of recruitment, policing, and healthcare
provided by empirical case studies show how
societal bias and discrimination demonstrated in
the past find their way and are reinforced by the
algorithmic architecture of a system that is less
controlled in an environment with low oversight
(Dastin, 2018; Obermeyer et al., 2019; Angwin et
al.,2016). Currently, the existing standards (such
as EMMA) and approaches (such as Explainable
Al (XAI)) are designed to mitigate this gap, but
existing evidence suggests their uneven and
unreliable implementation (Brendel et al., 2021;
Doshi-Velez & Kim, 2017). Traditional lead-
ership models based purely on operational effec-
tiveness are ineffective in addressing the layered
ethical dilemmas offered by Al. Ethical lead-
ership should thus be multidimensional, in which
technical skills meet moral responsibility as well
as social and political awareness, combined with
an experience of regulations (Gotcheva, 2019;
Binns, 2018). The integration of Social Learning
Theory (Bandura, 1977) into Kantian Deonto-
logical Ethics provides a solid 2tailed paradigm
to develop ethical behavior and goal-oriented
responsibility in the development of Al-driven
algorithms (Paga, 2023; Mittelstadt, 2019).

In conclusion, proactive and enforceable
systems of governance are crucial for trans
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ethical principles into business realities through
continuous auditing, stakeholder cooperation
within and across sectors, and institutional
accountability (Raji et al., 2020; Sanderson et
al., 2023). Ethical leadership should not be seen
as a symbolic activity that must be preemptive
and systemic. After all, Al ethics deals not with
the moral standing of machines but with the way
their use is coordinated with justice, equity, and
the dignity of man. Ethical management of intel-
ligent systems should be able to foresee the impli-
cations for society and incorporate structures to
protect equity and credibility in all areas where
Al is utilized.
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